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Abstract

Qinhuangdao enjoys a superior geographical location, rich tourism resources and profound cultural
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heritage. The modern tourism industry is now facing unprecedented development opportunities.
How Qinhuangdao can seize this opportunity to vigorously develop its economy and achieve better
development of the tourism industry is a practical issue. The rapid development of information
technology has made the Internet the main channel for information flow. As an important medium
for travelers to share their experiences, the evaluation content on tourism websites has a significant
impact on tourists’ decision-making. Therefore, extracting key information from user feedback and
accurately judging its emotional attributes is of great significance for optimizing the quality of tour-
ism services. However, previous sentiment analysis techniques mainly relied on manually con-
structed sentiment lexicons and manual feature selection, which was both time-consuming and la-
bor-intensive. To optimize model performance and improve its efficiency, this study adopted a deep
learning-based approach for sentiment analysis on the comment dataset of the five most famous
scenic spots in Qinhuangdao. Specifically, we used a bidirectional long short-term memory (BiLSTM)
model with an attention mechanism to process this dataset, aiming to deeply mine the implicit in-
formation in the text and solve the long-term dependency problem existing in traditional models.
The experimental results show that compared with commonly used machine learning models such
as convolutional neural networks (CNN), the BiLSTM model with an attention mechanism achieved
more significant performance improvements in sentiment analysis tasks.
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Table 1. Part of the original data display
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Table 2. Partial data segmentation and stop words removal results
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Figure 1. Network model structure diagram of the BILSTM
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