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Abstract

In order to better analyze the pressure brought by Al on college students’ employment, this study inte-
grates classical statistical tests (t-test) and machine learning algorithms. The hyperparameters of the
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random forest are tuned through Bayesian optimization. The optimal parameter combination is used
to model the samples, and the main influencing factors of Al-induced employment pressure on college
students are excavated. The model evaluation indicators are as follows: accuracy (0.8755), precision
(0.8857), recall (0.8832), F1-score (0.8953), AUC-ROC value (0.9399), and AUC-PR value (0.9441). The
results show that the classification effect of the model in this study is superior. Through model building
and analysis, we have found that factors such as the correlation between majors and Al, and the ac-
ceptance of Al-related industry and employment impacts have a significant influence on college stu-
dents’ perception of Al-related employment pressure. Our research results can provide theoretical
support for colleges and universities to cope with the discipline adjustment and employment guidance
of college students in the Al era, as well as for the self-improvement and employment of college stu-
dents, and help college students better cope with the employment challenges in the Al era.
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Figure 1. Random forest flowchart
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Table 3. Model evaluation metrics
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Figure 2. Comparison of feature importance
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Figure 3. Precision-Recall curves
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Figure 5. Permutation Importance
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Figure 6. Partial dependency graph
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