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Abstract

In recent years, the integration of artificial intelligence (AI) into the healthcare sector has advanced
rapidly. In January 2025, the large domestic language model DeepSeek garnered widespread attention,
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with numerous hospitals across China—including Xi’an International Medical Center Hospital—suc-
cessively adopting this technology. The implementation of DeepSeek has demonstrated the potential
to enhance diagnostic efficiency and improve the overall patient experience. Despite its growing de-
ployment, there remains a paucity of systematic research on user sentiment and adoption intentions
related to this technology. To address this research gap, this study employed Python-based web scrap-
ing techniques to collect over 4,000 user comments from the TikTok platform. Following data cleaning
and Chinese word segmentation, textual features were extracted using the Term Frequency-Inverse
Document Frequency (TF-IDF) method. A transformer-based sentiment analysis model was then con-
structed to assess public sentiment, and a Latent Dirichlet Allocation (LDA) model was utilized to iden-
tify underlying thematic structures within the comments. Findings reveal that public sentiment s pre-
dominantly positive, with the majority of users expressing approval of the diagnostic accuracy and
convenience offered by the “DeepSeek + healthcare” model. Nonetheless, a minority of negative com-
ments reflect concerns pertaining to data privacy, system security, and the overall reliability of Al
technologies. The LDA topic modeling identified four principal themes: intelligent healthcare, medical
service delivery, healthcare transformation, and diagnostic strategies. Based on these insights, the
study proposes targeted recommendations to enhance diagnostic precision, improve user interface
design, and strengthen data privacy safeguards, thereby fostering greater user trust and increasing
the willingness to adopt Al-driven healthcare solutions.
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Table 2. Partial text data word segmentation results
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Figure 1. “DeepSeek + healthcare” comment address situation diagram
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Figure 2. “DeepSeek + healthcare” comment word cloud diagram
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Figure 3. ROC curve of “DeepSeek + healthcare” sentiment classification
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Table 5. Sentiment classification report for “DeepSeek + healthcare”
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Figure 5. Sentiment distribution chart of “DeepSeek + healthcare”
5. “DeepSeek + EJ7” 1ERSTE

M5 PafLLE Y, “DeepSeek + BEJT” PR MM AAMT Al i) T AN, IETIEAT &5 b, 0
BORHR F P Fep A AT B . AR P PR h, BT IR R AR M ER AL Ge 2 W, “ DeepSeek + =777
ARG HE L S AEAIREE T v — e SR, SR & — g bl IXSREIE 0 F P AR (8 T A v 75 4%
FAEANH . M2, “DeepSeek + BJ7” HUBAKIIBREAF, P X HEARMFARE 1A BN w1 EE[5] -

8. #F LDA BEETAE

(—) LDA A I SRl

LDA (Latent Dirichlet Allocation, & 7EZKF 7 5 47 IiC) B Blei, David M.« Ng, Andrew Y.. Jorda - 2003
R, HTAHEN SO A F A . SRR R ORI 2 A E AR, A R — 4R DA E
PR . LDA LML 70 A1 2 SO 2 RAE ), 72 20 BT KB SO R 4R B0 T2, AT S B SR
KEARDAK, TTZMNATXARZHE. SRR, HEERREIIL[6].

LDA (Latent Dirichlet Allocation) %4 () J5i 3 ] A AR BOS FR - S U0 T FIHHEWT = AN 7 TR EEf#: LDA
PRI A A A, R B B e SRS A2 R A E R A A B, JF A F O TAN iR A
AR . Bk, LDA BEAURH K AN F/E, B FEEE T —Hpidnfi. xRk, JhE
RO AT R BEN LB — N T, SR 5 AR 12 5 0 B A B AL B — A ], IR RO R B A e
B SCR; S8 LDA BB S B0 T mT DU I e K ABSRAG T B DU ik oF S5 T VEREAT 7] HAkck
W, T B RERS SORS AP RS BAA] ( E EHEAT Ah T, USROS AN 32 R R AN SR R A AT A T 3
o, T SORS AR L] 1 T U TS Gibbs SRFE B S HEWT S T VAT, A T S A A SRl
R0 DU T DI I R B 40 AR S T V030 AT s HHEWT: 7E LDA BB H, HEWTHR K5 T4 52 1SR, AhTh3L
TR EHE AT LUMER Gibbs KA EAR 73 HEMT S 7 ik BEATHENT . FARSRTE, X T e eSO, W RLE

DOI: 10.12677/sa.2025.146151 111 gt 58N H


https://doi.org/10.12677/sa.2025.146151

fh IR 1

Tk 6 4 AT RN SRS H BT PR A AT HET H O A, AT AR B SCR ) 3 R R 8]

(Z) LDA Hi5E “DeepSeek + BEJ7 7 ELIFIL K 8%

“DeepSeek + &J7” VFIL 1) LDA I RKFHIE 5Bt

AR TE-IDF A2 Bl ) s AR e A LDA 58S, JEAEBIRN N ZRe G, i R 2R R th 42 o o
HEFEH. K6 BRT “DeepSeek + BEy7” fELEVFIL I NSRBI . HEIT L, MEECH 4 1, HK
JEIRBIBARAKT, RUZE SR BON A, A BT 5 i 6 Hh PR U8 A A% O 9]

LDA Perplexity for Different Topic Numbers —e— Perplexity (Blue)

7.14

Perplexity
~
°

1 2 3 4 5 6 7
Number of Topics

Figure 6. Topic perplexity of user positive reviews for “DeepSeek + healthcare”
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