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Abstract

The objective of this study is to compare the strengths and weaknesses of DeepSeek and SPSS soft-
ware in data analysis. To achieve this, the analysis results of the two software on the same dataset
were compared to verify their performance differences. The results show that, compared with SPSS
software, DeepSeek has lower accuracy in data preprocessing. While the error in the statistical de-
scription of quantitative data does not exceed 2%, the error in qualitative data is relatively large.
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Additionally, the prediction accuracy rate of the Logistic regression model is relatively low, at 67%.
The error in each part of the factor analysis output is also relatively large, and the cumulative vari-
ance explained by the extracted common factors does not reach 60%. In conclusion, DeepSeek is
less accurate than the traditional analysis software SPSS in data processing and analysis. However,
it has advantages in terms of user-friendliness and accessibility.
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H 2020 AN TR BE(ANRIE LR, BTEESHE « Bl ek i =7 sz p k3 7 EZEH .
— S B PR AR T A AR RN T e R AR R SR RN = 22 MR [1] [2]; 1048 38 K AN IR 18 S 7 P B =
R IPAS AR et T8 R e 156 1T eI B B2 A 1) BE A% BER/KP[3]-[6] . Al — 23 b AR sl N T3 R
(1 ChatGPT)E ¥ 7 b TH M BT T AL, SR e 4518 A —2[7]-[10]. DeepSeek &4l A
THEER—M, BHTE “ARRA SRR LLRAE— AR A SRR 22 58 R R, X N L BRI BE AR SCH
AR AE AT AT MY i 5 )92 R TR AE T VR SR [11], RO — AN TR R ROR A o AT F06 b 24
A K I KTE S 87 DeepSeek 51641401140 Hréit SPSS HI%diE 4> #T#E 11, A DeepSeek N T 4iit 4
Frésde it =% .

2. MEERF*®
2.1. ARMR

ASHIF T8 R 6 560 UE B 2 e 58— R 3R B B (0 B 0 SR SR Bdis e AR B S 45 3. TR S A3t
100 2, B0 12 NP AR FER IR MW R I SE PR 28 WA )L AR ). SCHREREM
FEIHWNSE 17 MR . HIE PR T =408 © R HEER ., BAERTEER:, @ A
WrSEprar S IR, REN —8fE 0, FHANRS, SRS ENG RS © RiIEAK
ER = E/12, PR GRSPORERTR, EE > 80%RIY A& BV EER IR &q IKIEE
AR 12 MO R TR I AT 7 . By RS RO TR. FE. M. U IR R
PN 18 N R R, Hh RS 7 NIE SRR, PEAIAZ & B RO BER IR — 0 R E
MR N T 2 AR, T AR NG 20K 5. WM AN T iF DeepSeek 5 SPSS £ 4k
PEALEL . Giit ik R, BT mZ b i 5E BB I -
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AW FEAE A Microsoft Edge i % 2% k¥ 7T 7 11 DeepSeek B W T & Xt o & 4 FA% csv A% IR B4
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23. GrEAE

R ERIR I T R, B/ME. DRI, SRl WS EGHAT Sk e BB R
SIROIEAT Gi ik . SRR A ER R Logistic [ UE 40 MR 22 R 7 30 58 U RS B R B U1 437 11
BTN T 73, % 12 ANER A HE 255 M 075 43 SR P 3 A A0 W 0 VAR B A TR 7, 951
B KT AT e . B KT 0.05.
3. R
3.1. HIEFAIESSiHER

7 iz i) DeepSeek Al SPSS B R K s G AT AL B =P RS, t1T DeepSeek A~Aefi i
SCAF, BARE SR ROR AR R AR, ORI GEvH Rl 535 R W o by b AT AL B i ) Bl
B8 SRR BRI AT BB R R LA B B RRI R R AR 1, et R A
RN 2, W] DeepSeek fEH# FALFE Ty 1h O UERI ML 22, JE MG TH 20 Mokt L SPSS #RA ab ¥ it
HREV€1PE SUEVSE vl A6 /EE SEi

73731 /il DeepSeek H1 SPSS # {4 X} e H e AR AT Ge it Fiiak, A PR IT I W 85 R LA — 5L
EBPRINAMZER R 1, EETRI RS IR 2, W] DeepSeek 71X ¥idfa AT Gt iR I 1 1E
BTERZE, JUHEE TE BRI GE it Iy T

Table 1. Table of statistical descriptive results of quantitative variables
=1 EETEMFHIHHAERE

A EHME FrifE 2= PO P25 P50 P75 P100 PUE=SIERA
SPSS X R i B 4 AL L 5
RS 39.1 9.1 23 32 395 46.8 58 100
MY 9.9 15 5 9 10 11 12 100
DeepSeek i Ji7 46 b 5 il ab 22 5
ERE 39.3 9.6 23 32 39 46 58 100
By 9.4 1.8 4 8 10 11 12 100
DeepSeek i 55 iiF #1542
RS 38.4 9.1 23 32 38 44 58 100
MY 9.8 15 5 9 10 11 12 100

Table 2. Table of statistical descriptive results of qualitative variables

F 2. EMTEMRIHEALERE

A SPSS  DeepSeek®  DeepSeek® B SPSS  DeepSeek? DeepSeek®
iAN|ZE 1 1)
A& 60 53 67 5 89 81 76
NEE& 40 47 33 % 11 19 24
SCALFRSE R 2I=LION

AR R R 3 4 4 /> 3000 ¢ 10 10 8
INEE 5 10 8 3000~4999 7t 55 56 51
EILs 33 36 34 5000~6999 7T, 19 16 17
RS R 35 30 27 7000~8999 7T 7 9 9
N 12 12 14 9000~10,999 7t 2 4 6
KEAF 12 8 13 11,000 jo & PA & 7 5 9

7E: 2 DeepSeek X JRUGHIE £ FUALH S EHE T G148 ;. ° DeepSeek XT3 E¥E £ AT G 1T ik
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3.2. RigRLe

535132 | DeepSeek Fil SPSS F A 4 36 1E Bl A AT R OTACER, AT A VRS . SCILFREE . P H Uk
N HROD A e 22 75 B SR A e . BRI A TR R 4518, DeepSeek MI4E BBV, STARSE ., ~F
51 H WSON 253 56 HR A i i 2% 97 0 Sk 25 MR B0 (p > 0.05) ;. SPSS 0 1F F 45 R 26 W 5 ke R B 2R 97 06 W 3 1k
FME(p > 0.05), MISCALFRE . ~F35 U BO A R 77 R E M RZ A (p < 0.05), PP 7 o br 45 %
(AR S W4 3. Rk, 1B DeepSeek #EAT AR, 155 4s A KA,

Table 3. Table of results of single factor analysis

=3 BRRMINEREK

AR OHL=0 OHL=1 7 p OHL=0 OHL=1  »2 p
4 5] 0.56 0.454 0.15 0.695
5 24 52 35 54
LS 9 15 5 6
CAFEE 10.02  0.075 172'1 0.004
AREREIR 2 2 2 1
N 4 4
Eaks 15 19 16 17
i R 6 21 14 21
N 3 11 1 11
KEAFR} 3 10 2 10
R 2I=LION 520  0.391 8.46  0.004
/¥ 3000 7T 4 4 6 4
3000~4999 7t 15 36 27 28
5000~6999 7T 5 12 5 14
7000~8999 7t 4 5 1 6
9000~10,999 7T 2 4 0 2
11,000 ¢ & L E 3 6 1 6
7#: OHL = 0 R AN H&HOERESR, OHL =1 FRn R&POEFERTE; 5 2~5 Iy DeepSeek 73 M4t 5, 5 6~9
51y SPSS 34t
3.3. B3

53 )iz F DeepSeek H1 SPSS R % B ik £i#fs 423647 Logistic [V 7347, s ANREIPER] . SCHGFREE
S WK R A R R TR L RIS o 15 X 4 RAR Bt AT fid, WA 4. BARPIFN TS s 43 45 2R 58
EAHE, (HAFH TR F. Ml SURFRREE. P35 H NI B A B 2R 7700 2 3 Vs i)
(p > 0.05), WFFT AT RIS WA 5. PiFh 7 UL Logistic [A] AR Y (11 R 5 2 B OR
DeepSeek [T TR HERf 2 A 67%, SPSS AR TN HERG K A 71%. Kk, 5 SPSS %441 Lk, DeepSeek
ST Logistic [m] YRR PRGN HE A A0 22

Table 4. Variable assignment table

4 TEWMER

A A R IUE A A
s aR=Re 9 Al 91235 i 7 0
i) 1
P51 5 0
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FEbyy, MER
% 1
SCALFRSE ARRFARFAR D 0,0,0,0,0)
N (1,0,0,0,0)
Wi 0,1,0,0,0)
= R R (0,0,1,0,0)
K% (0,0,0,1,0)
NN 0,0,0,0,1)
Table 5. Table of results of multifactor analysis
5. ZERNNERE
gl el R Wald y? p OR 95%ClI
DeepSeek
T -0.892 0.300 0.584
4531 5
% -0.213 0.216 0.642 0.81 0.33~1.99
AT RRFARFR D
N 0.402 0.127 0.721 1.49 0.16~13.69
Wl 0.831 0.659 0.417 2.30 0.31~17.09
R R 1.483 1.988 0.159 4.41 0.56~34.59
N 1.534 1.884 0.170 4.64 0.52~41.41
KEAFR} 1.569 1.934 0.164 4.80 0.53~43.78
SE A 0.102 0.624 0.430 1.11 0.86~1.43
TR 0.021 1.071 0.301 1.02 0.98~1.06
SPSS At
T -1.056 0.439 0.508 0.35
1 1) %
LS -0.483 0.449 0.503 0.62 0.15~2.54
SCALFRSE ARFARFAR D 4.381 0.496
N -19.972 0.000 0.999 0.00
Wi 1.075 0.584 0.445 2.93 0.19~46.05
m R R 1.246 0.852 0.356 3.47 0.25~48.95
N 3.129 3.402 0.065 22.85 0.82~635.13
KEAF 1.676 1.09 0.296 5.34 0.23~124.24
R 2ELON 0.363 1.732 0.188 1.44 0.84~2.47
T -0.015 0.285 0.594 0.98 0.93~1.04
3.4. BFoH

XF 12 AR 15 73 2047 1404 . DeepSeek 73 M4t R 27k, KMO {674 0.823, Bartlett BRJEAG 5
R771E R 542.37, p < 0.001, 15 HEEIE G AT T 4518 SPSS A/t 4 R R, KMO A
4 0.539, Bartlett ERFEASIG K J5H N 265.402, p < 0.001, FHAEIEM50E & AT 7o br. K 380
SIMTITENIP IR IVA A T, DeepSeek 45 R o, B A &AL E B RT 0.5, Ui WIHEHUN A P Be i
R SR AR AT B, JEEREL 2 NART, BRUHERE T 2208 57.13%, MARIAF] 60%, AR 7R S B EUEE T
({5 5 s SPSS B 45 R 7R, BREE 10 BUAMWFTA AL S R SL R FEIR T 0.5, 1 BHER I A TR 1 AR BT Hh
fRFRIRIEAR &, JRIRI S NAR T, RUMERE T 20 67.84% ., & id it K7 2238 e Ja I o3 #E R L35 66
Kk, 55 SPSS #fhAHLL, DeepSeek HEATIH T4 #T HIRE 1182
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Table 6. Component matrix after rotation

6. IeReRRIM T RERE

A AET1 NHF 2 NS AT 2 AT 3 AHT 4 AF 5
1 0.742 0.786
52 M 0.813 0.848
%30 0.752 0.673
5450 0.792 0.876
%50 0.712 0.731
6 5 0.821 0.944
7 B 0.843 0.675
5 8 fi 0.819 0.702
9 0.752 0.569
10 55 0.812 0.759
11 55 0.851 0.735
12 55 0.761 0.486

e 3 2 f1 3 514 DeepSeek 7 #r 4, 5 4~8 %124y SPSS Jr#r4i .
4. ¥1ig

FEREARIS AR, EPEAIE M 4T T HS AR BT I2 IR R Gt A O E 2. ARWEIT B 7E LLESHT Y Al
53T 1.2 DeepSeek 5L 4 LV Gi i ¥t SPSS 7E#¥E WAL 3 AN Ge vt 43 Hr J7 I (1) 1 R 22 57 43 ) FH A P T
Hoof A — B a7 RGIIE, KIN DeepSeek Hifs abFRAMISE i1 7 M i 45 Rk = HERAIE . X AT REZ A
DeepSeek [FI5HIESIIL S SPSS X K\ GE i RAAFAEA T 22 5, SPSS R A& T F I IE M & g i 5
PRSEIL, AT ARG A T BUE AT IR . 177 DeepSeek T BER A T A SLIT L TE 5 U vk AR s A 2
WAL, XTEW AT AT REZE A K, (AR R B 2 20 IR iR ZE B O . B AL B
{14375 BH B [7) Rt 2 5 2 DeepSeek JE 26 4341 45 AN MERA I JE R 2 — o d A BRI Gu vt 20 BT 1) G B BA YT,
SPSS #4ft 7 5eAniE I H AT [ U A EE RS s SR, DeepSeek [ITALE 4R AE MG “ BAH” , FH /At LA
B A T R A AL B L S ARG AN K 7 4 G i () BB O . TEXJRUR B AR B0 TE T, DeepSeek 4b ¥
Ja BN B TR I LUy 53% 5 SPSS FH ;45 5E A FEIK 45 SR (60%) A 1E 7 7, iRZEEIT 10%, R 9]
DeepSeek [FITALBRSE AT FE . 6 B8] — S0 UEHAR &2 01, AEFERN G v Sk S5, PR LR E B TR
LRI, A RS EEARIRbR R ZE AT 2%, UiH] DeepSeek fE A it H ERFTEER .. A
M, fE5E VORI, DeepSeek R 75 (A% 5 SPSS &5 5 2 S K, W sm R 5 R it i) &5 SR T Sk
F5L b, DeepSeek fii th (R 7 i I0 45 R SEATT 5, HRKMZAEEE . FHH BN GBI FE R
(&R . 7E Logistic 81550 #rH1, DeepSeeK [ AL M ALy 67%, {IKT- SPSS FIAR AL Tl vHE 1
H(71%). (EFT5r 414, DeepSeek HIAREE M Hh 7 /0 BT M & AN 0 45 R, (HE5 RS SPSS A4 1)
ZERM I, JF H DeepSeek HEHUMI 2K 1) SRR 77 22 AR IAF 60%, K FH DeepSeek 1EHEAT =gl 4
HT(Un =720 B7) B T SE PR o AR TR SEUESE RS — DR &R A il AL B T BUR Ge it IR 55 B BB AR 5T
0 LA —8[12], TREAR T DeepSeek 25 KA 7Y {1 3d iU AN [H][13]

TG SPSS I A i B W] 45 HLA5 R R, P Be A 4 A P BROE P AT RIE s T
DeepSeek ] H AL AL B EBAREHE, (HERZFEME, AT AT, B P AREX AN 7 8 BRIV 25 SR ik
ITHAE . BEAE, Al Al 2R AR A = A DL BB . AR R Y U oR S HERT 72, DeepSeek
ARG T fA R Mk A £ S 0P P DAAIE I 5 SR A mT S AT (5 B [12] . Rk, 8 DeepSeek & & $2AL 40 #r
IR SO AT EOD IR, B0 I I AT A B R S I BV PR A DU U R B R I, AR
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ferhlal g R, fovr P R E A AR A (b B B R 51Nk STt B8 I DURR DR A% 0 2%
FIAERf T SISt TR (A 255, P R A B A ke e s B T R oxd rh ) 5 SR 0 AR AR JH R
AR SRR, AT e 3R A A R I HER P AT AT A

Zi Lk, E4% DeepSeek £ by FIVE AR 15 i 1 J5 T KA LS, (EAE W REms 1B S5 48 %kt
1t SPSS 1ifFfEWI B Z . XA ZEERAEFER G 1T 73 A b T RESE M B/, ELFE ) S 52 20 A TR AR A D
FRE PR Z « 47 R K DeepSeek fg i id el ik FIE AT L LA A WHR T M 45 R K HER L, 7]
I EREE 2 R, SPET(ESEIE 5B IERISC R, DeepSeek K7 B BN I 5E HSEH G THr i LA

EHEWH

FHIRTTHE BHF RS 2024 52 5% 0 00 706 TUE s VR, B AR AR A i 7] ) 22 A g R 97
RTS8 5: K24ZG2040059.

SE

[1] Yu,P., Xu, H., Hu, X. and Deng, C. (2023) Leveraging Generative Al and Large Language Models: A Comprehensive
Roadmap for Healthcare Integration. Healthcare, 11, Article No. 2776. https://doi.org/10.3390/healthcare11202776

[2] Busch, F., Hoffmann, L., Rueger, C., van Dijk, E.H., Kader, R., Ortiz-Prado, E., et al. (2025) Current Applications and
Challenges in Large Language Models for Patient Care: A Systematic Review. Communications Medicine, 5, Article No.
26. https://doi.org/10.1038/s43856-024-00717-2

[3] Wang, H., Wu, W., Dou, Z., He, L. and Yang, L. (2023) Performance and Exploration of ChatGPT in Medical Exami-
nation, Records and Education in Chinese: Pave the Way for Medical Al. International Journal of Medical Informatics,
177, Article ID: 105173. https://doi.org/10.1016/j.ijmedinf.2023.105173

[4] Sumbal, A., Sumbal, R. and Amir, A. (2024) Can ChatGPT-3.5 Pass a Medical Exam? A Systematic Review of
ChatGPT’s Performance in Academic Testing. Journal of Medical Education and Curricular Development, 11, 1-12.
https://d0i.org/10.1177/23821205241238641

[5] Gilson, A., Safranek, C.W., Huang, T., Socrates, V., Chi, L., Taylor, R.A., et al. (2023) How Does ChatGPT Perform on
the United States Medical Licensing Examination (USMLE)? The Implications of Large Language Models for Medical
Education and Knowledge Assessment. JMIR Medical Education, 9, e45312. https://doi.org/10.2196/45312

[6] Lin, S., Chan, P.K., Hsu, W. and Kao, C. (2024) Exploring the Proficiency of ChatGPT-4: An Evaluation of Its Perfor-
mance in the Taiwan Advanced Medical Licensing Examination. Digital Health, 10, 1-11.
https://doi.ora/10.1177/20552076241237678

[7] Huang, Y., Wu, R., He, J. and Xiang, Y. (2024) Evaluating Chatgpt-4.0’s Data Analytic Proficiency in Epidemiological
Studies: A Comparative Analysis with SAS, SPSS, and R. Journal of Global Health, 14, Article No. 04070.
https://doi.org/10.7189/jogh.14.04070

[8] Ignjatovi¢, A. and Stevanovié, L. (2023) Efficacy and Limitations of ChatGPT as a Biostatistical Problem-Solving Tool
in Medical Education in Serbia: A Descriptive Study. Journal of Educational Evaluation for Health Professions, 20,
Article No. 28. https://doi.org/10.3352/jeehp.2023.20.28

[9] Jahangiri, Y. (2023) Can Chat Generative Pretraining Transformer (ChatGPT) Be Used for Statistical Analysis of Re-
search Data? Journal of Vascular and Interventional Radiology, 34, 2242-2246.¢2.
https://doi.org/10.1016/j.jvir.2023.09.010

[10] Ordak, M. (2023) ChatGPT’s Skills in Statistical Analysis Using the Example of Allergology: Do We Have Reason for
Concern? Healthcare, 11, Article No. 2554. https://doi.org/10.3390/healthcare11182554

[11] T 4. DeepSeek A= N T8 B8 B A B2 5 3 < [J]. £RAT A, 2025(3): 129-134.

[12] AREE. AR AL B TBURS T IRSS B AIIR[]. GeilBlaE 5 SE Bk, 2023(7): 53-56.

[13] #HEEH, &K, KinT. KERBANBES RS G800t hRAHE KR BAAE——& T 107 BUR KIS 2
DeepSeek (1M £Z[J/OL]. HL TS5, 1-9.
https://kns.cnki.net/kcms2/article/ab-
stract?v=UThtwiquHbcEJxykW7L6ZXHPCEuefTnOuDA92BLOVb3prTdtL41Zjz6Nf67BQKnNSF4tPXuZOrO-

HPRQONYEaWvbPf1SU3aUWHpRp4 raM8bXKXNyKY IWMEFCAVMOUJXD3LvcSivWoNsBdInrC-
BD 0jZg64sOFSecEdA2Q00nBX17AwilpB4dIPQ==&uniplatform=NZKPT&language=CHS, 2025-03-19.

DOI: 10.12677/5a.2025.146157 178 gt 58N H


https://doi.org/10.12677/sa.2025.146157
https://doi.org/10.3390/healthcare11202776
https://doi.org/10.1038/s43856-024-00717-2
https://doi.org/10.1016/j.ijmedinf.2023.105173
https://doi.org/10.1177/23821205241238641
https://doi.org/10.2196/45312
https://doi.org/10.1177/20552076241237678
https://doi.org/10.7189/jogh.14.04070
https://doi.org/10.3352/jeehp.2023.20.28
https://doi.org/10.1016/j.jvir.2023.09.010
https://doi.org/10.3390/healthcare11182554
https://kns.cnki.net/kcms2/article/abstract?v=UThtwiquHbcEJxykW7L6ZXHPCEuefTn9uDA92BLOVb3prTdtL4IZjz6Nf67BQKnSF4tPXuZOrOHPRQnYEaWvbPf1SU3aUWHpRp4_r9M8bXKXNykYIwMEFCAvMOUJXD3LvcSivWoNsBdInrC-BD_OjZg64sOFSecEdA2QOOnBX17Awi1pB4dIPQ==&uniplatform=NZKPT&language=CHS
https://kns.cnki.net/kcms2/article/abstract?v=UThtwiquHbcEJxykW7L6ZXHPCEuefTn9uDA92BLOVb3prTdtL4IZjz6Nf67BQKnSF4tPXuZOrOHPRQnYEaWvbPf1SU3aUWHpRp4_r9M8bXKXNykYIwMEFCAvMOUJXD3LvcSivWoNsBdInrC-BD_OjZg64sOFSecEdA2QOOnBX17Awi1pB4dIPQ==&uniplatform=NZKPT&language=CHS
https://kns.cnki.net/kcms2/article/abstract?v=UThtwiquHbcEJxykW7L6ZXHPCEuefTn9uDA92BLOVb3prTdtL4IZjz6Nf67BQKnSF4tPXuZOrOHPRQnYEaWvbPf1SU3aUWHpRp4_r9M8bXKXNykYIwMEFCAvMOUJXD3LvcSivWoNsBdInrC-BD_OjZg64sOFSecEdA2QOOnBX17Awi1pB4dIPQ==&uniplatform=NZKPT&language=CHS
https://kns.cnki.net/kcms2/article/abstract?v=UThtwiquHbcEJxykW7L6ZXHPCEuefTn9uDA92BLOVb3prTdtL4IZjz6Nf67BQKnSF4tPXuZOrOHPRQnYEaWvbPf1SU3aUWHpRp4_r9M8bXKXNykYIwMEFCAvMOUJXD3LvcSivWoNsBdInrC-BD_OjZg64sOFSecEdA2QOOnBX17Awi1pB4dIPQ==&uniplatform=NZKPT&language=CHS

	DeepSeek与SPSS在统计分析中的优劣比较研究
	摘  要
	关键词
	A Comparative Study of the Advantages and Disadvantages of DeepSeek and SPSS in Statistical Analysis
	Abstract
	Keywords
	1. 引言
	2. 对象与方法
	2.1. 研究对象
	2.2. 研究方法
	2.3. 统计学方法

	3. 结果
	3.1. 数据预处理与统计描述
	3.2. 假设检验
	3.3. 回归分析
	3.4. 因子分析

	4. 讨论
	基金项目
	参考文献

