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Abstract

Personality formation is influenced by factors such as parents, schools, and society. Although once
formed, personality is relatively stable, it is not unchangeable. Especially for underage students, the
plasticity of personality is still quite strong. This paper analyzes the data of Personality factors to
help teachers improve students’ characters and promote the all-round development of introverted
students. This paper introduces the random forest algorithm to study the personality dataset, tak-
ing advantage of its high accuracy and good fitting effect on big data. During the establishment of
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CART decision tree and random forest models, grid search is used to obtain the optimal parameter
combination. Meanwhile, the ROC curve is introduced to experimentally compare the effects of the
CART decision tree and random forest models. The results show that the random forest model per-
forms better and can accurately analyze the influencing factors of personality. Finally, the im-
portance of feature variables is ranked, providing a certain reference for teachers’ teaching.
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Table 1. Data introduction

* 1. BIENE

Stage fear M EEY B
Drained_after_socializing AR R T EE & B
Social_event_attendance S IE B EL HE R
Going_outside AR B HHAY
Drained_after_socializing AR 2T EE & B A
Friends_circle_size P AN HHAY
Post_frequency AR LR UNCER TR €A HHAY
Personality A R
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Table 2. Parameter meaning
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Table 3. Model comparison results
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it Accuracy Precision Recall Fl-score
CART RS 0.9402 0.9543 0.9289 0.9414
BEHLARK 0.9414 0.9544 0.9311 0.9426
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Table 4. Confusion matrix
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Figure 1. CART decision tree ROC curve
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Figure 2. Random forest ROC curve
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Table 5. Test results of category 0~1
5. 0~1 FMIAER

25 precision recall fl-score support
0 0.93 0.95 0.94 420
1 0.95 0.93 0.94 450
avg/total 0.94 0.94 0.94 870
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Figure 3. Ranking of feature importance
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