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Abstract

In order to deeply understand the current Philippine consumers’ views and needs for FILIEKEU
smart watches, this paper uses text mining to conduct keyword co-occurrence network analysis,
LDA topic model analysis and sentiment analysis on 1153 online reviews of a store, and accurately
reveals consumers’ perception and needs for shopping experience. The research shows that the
function of the product is the primary factor affecting the post-purchase evaluation of consumers,
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followed by the comprehensive perception of the quality and performance of the product; consumer
dissatisfaction is mainly concentrated in the functional level of the product, especially the problem
of inaccurate health monitoring. In addition, the study found that Philippine consumers have a
strong willingness to socialize, and products are often given as gifts to relatives and friends. This
exploratory research provides a new research idea for consumer experience, and also provides a
valuable reference for the marketing practice of smart watch enterprises.
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Figure 1. Network analysis of degree centrality
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Figure 2. Network analysis of betweenness centrality
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Figure 3. Network analysis of eigenvector centrality
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Figure 4. Keyword co-occurrence network analysis
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Figure 5. Perplexity mode and Consistency model
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Figure 6. Subject word distribution
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Figure 7. The Affiliated keywords, sentiment values, and quantitative distribution of functional themes
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Figure 9. Affiliated keywords, sentiment values, and quantity distribution of usage scenario themes
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Figure 10. Affiliated keywords, sentiment values, and quantity distribution in the topic of health monitoring
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Figure 11. Affiliated keywords, sentiment values, and quantity distribution related to the product quality theme
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