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Abstract

The heterogeneous fluctuations of urban housing prices in China pose a fundamental challenge to
precise macro-policy regulation. This paper develops a three-stage analytical framework—“factor
extraction, structural analysis, and driver-based clustering”—to identify city types endogenously
defined by market transmission mechanisms based on their differentiated response patterns to
common drivers. First, employing a high-dimensional time series latent factor model, we extract
three common factors from second-hand housing price return series of 70 major Chinese cities from
2015 to 2023: a national macro-cycle factor, a regional development factor, and a policy sentiment
factor. Second, prior-classification-based loading structure analysis reveals that administrative hi-
erarchy, geographic region, and population size effectively differentiate cities’ sensitivity gradients
to the macro-cycle factor but exhibit limitations in capturing responses to regional development
and policy sentiment factors. Finally, unsupervised clustering based on factor loading vectors iden-
tifies three data-endogenously driven city clusters: financial-cycle-sensitive (11 cities), policy-sen-
timent-sensitive (20 cities), and growth-dependent (39 cities). The findings reveal dual relation-
ships between traditional and data-driven classifications: “same form, different nature”—cities with
identical administrative tiers may belong to different clusters; and “different form, same nature”—
cities across tiers may exhibit similar driving logics. The methodological contribution lies in extend-
ing the factor model from a dimension-reduction tool to a structure-discovery engine, achieving a par-
adigm shift from “external labels” to “endogenous characteristics.” The practical implication provides
classification foundations for targeted urban housing policies directly linked to transmission mecha-
nisms.
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Y PPRAE IR AT R Y, (RIX A TR T 4R R FIR—a2, MBI T 5K H Nk
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(3) NFVEURELAr S AR 55 Be R AT 1) €O T U B4ty RS 3 btk (R a8 0 ), DASIX A N H Ay ik
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2.4.2. (HEHFERA BB
N EML R BUAN T S0 87 M 5 E b A 22 5, SO SRBIE = A AR BT T,
i3 B RN RIE R R TR K R R . BRI S, X TR RIS R YL, 5
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2.5. ETETFHEREBIEEHIEEIEE L
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3. SCUEE R R
3.1, EMBERFRIGR

ASCHE T i 4R 8] PR AT E DR AR, N 70 AN KRBT T 5 0 A ok B 25 26 7 51 A B BN S ]
Fo BRI IREZ, =AAILEFE USRI TE BN sh iz oL R B

RF ok b = AN TR ok 20 B R E A (L& 1) BF F1 5TRk L 79.83%, 1EM#
BT R R s P iR ES1EM; HF F2 f1 F3 2515 9.13%F 6.41%, @iiBi@eiEr. =%
Bt Z TR 95.37%, R IARI N ¥ REREF R0 Z0m 70 N3 S s AL a4y, AR A RAT .

Table 1. Factor contribution

= 1. BFmEE

T F1 F2 F3 i
DT (%) 79.83 9.13 6.41 95.37

3.2. BT HESRNEFHREERTH

DNPR T 5 S5 A ARFAIE A ] 23 HLS A SRR 7 O 22 AR S, A SO A TR T IR 2 T XA
N =R B0 KT 5, TR R T =5 ERT 3T .
3.2.1. WHRR ST RLEGR

I T AT BOM AL S T35 7, K 70 NSRRI 9RO TT  rh T = el T AN DY 2 T DY
Ky BIGTEBAH AR I 2.

Table 2. Average factor loadings by city hierarchy
2. W ER S XHE TR

eS| W EH AT F1 HF F2 HF F3
1 NS ] -0.1690 -0.1096 -0.2209
2 R T -0.1577 -0.1050 0.0448
3 =t ) -0.1032 0.0684 0.0349
4 VY23 T -0.0566 0.1277 0.0174

K7~ F1 S0 b b b b SR STl B by, x4 [ < i o) DR BURR, SR BN AR OITT >
B > =gk > PRI ORI NG R SBURIAERON, X 2B AR ) S B iyl
SEIZL PUZRIR T T AR B, A EPE A EAR RN .

BT F2 SRR MG SRHIRTTN T, REBIRTTNIE . 02 SO b3 A Ak f R 3R H
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Table 3. Average factor loadings by geographic region
3. IR S K E F A

25 X35 BT F1 BT F2 A7 F3
1 IV -0.1306 -0.0363 0.0206
2 FR R X —0.1144 0.0492 -0.0452
3 PhH X -0.0810 0.1081 0.0392
4 ZRALHLIX —0.0842 0.1113 0.0405

R F1 BUBREHE : 486(0.1306) > HF#5(0.1144) > 416(0.0842) ~ PH#E(0.0810). A EBUTHEHEIX
xof 4 [ 4 b A A SO, Rz, PR AN AR AL X U AR, EBLEMWTH R E TR B A R .
KRR EETTEN: RMHXEFIF RS R SR fEE . 5eEmgBahtE oy %%, Kk
SXof 4 R e 2 W ik 11 2 I B R R

K7 F2 2B RART S RKEBN7(-0.0363), HEB. FEEE. RACYINIE, HIAHARIbHIX
faf b (0.11 ZiA)o X3 BH PG AN AR b X A0 nf DX 3800 6 e R 3 (PT RED B = ke A% . BORARY . JEmih
Tt 7 B A5 LA T 8 I IE RIS, 1T R S b X A2 2 DR R I i A K R 55 A A L

B F3: &XIZERAK, #AEIERIMT, RIZE TR 2R E 5 XRHIE

3.23. AOMESARER
BRI DX 8 A N AR, 4 70 AN TR B I 4RI T . TR I T AR K3 i DY 28, %%
KA PR F 4 R W2 4.

Table 4. Average factor loadings by population size
4. AOFUR 5 28 E TR I8

eS| MBS AT F1 HF F2 HF F3
1 R T -0.1501 -0.0851 —0.1243
2 RO T —0.1365 0.0019 0.0058
3 T K T —0.1346 0.0056 -0.0385
4 TR R T -0.0900 0.0672 0.0513

KF F1 2300 SR RE : HE IR (0.1501) > R R H1(0.1365) > THY K3k 117(0.1346) > TR K4 7
(0.0900). T =3 T BURFE 22 e A K, AHITAS ORI 7 BB 6 R % . IX SR BN MBI B — 2 [ Tk /S
I TN 5 WLESCSR AR B TR s RIS (R 3k v T AT T S A 0 P, 52 4 R A s 4 55
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3.4. YIRLGHIIRBNRALR

B SCHETFAE30 0 K M7 1 IR PR S ) R etk 25 57, (R 2 4. HEE X I 25 A S b 5 i 15 2L
SR I T B S N AEBR BN 5 0, DDA R . U, ASOHE— B AR T 7E = AN B R 1)
FONRHIE, R K-means RITEBHT MBS, ibBdEA S “Uiis” , R 50 7w SR A e
S TR
3.4.1. BAERSEEFHE

BARTER DR T8RS SRR A L2 5.

Table 5. Cluster characteristics based on data-driven clustering

5. BURGEHIREH R R REHHFE

855 SERHRME WiHE H¥ F1 HF F2 H-F F3
i 4 Rl JE SR U Y 11 —0.1750 -0.1127 -0.1615
£ i) UK T 4 U 20 -0.1199 -0.0517 0.1228
R 3 TR AR Y 39 —0.0884 0.1141 0.0038

R 1 (SR BEMBUEA: AEER. B TN RN REE. MRS 1. IZERER T
F1 E3RA 46 5HiE f K (0.1750), 7€ F2 Al F3 bt S R 3, 28 B k4 [ 4 b o ) i o BURK,
[ s o (X A Jo R S 155 28 TR 3Rt A e s f g Wi oy o X RI T R BN B AR T . — R R R 4,
Gy #3745 4 [ G A R o P ORI, R MLBURAL 31 “RTVRFERL” .

T 2 (BURTE @ BUERAY): AEPIMN . T8 AR, B, P, KD 20 M. ZEHREE
PRFIE TR T F3 L2 I S IE [ 347 (0.1228), A7 F1 84d & H1(0.1199), KT F2 NfEsE fim), K

DOI: 10.12677/5a.2026.154075 105 Gt 58


https://doi.org/10.12677/sa.2026.154075

A

Bitir i it 4 BORTIUYI AR S A K 3 S B B R A, [R5 <l Pl 12 e . 3BT 22 il
R i T A R A v A B8R T R DX g a3 T

I3 BB RAMA): B 39 DT, RMREKIER . ZEIER T F2 B 2P L BT
(0.1141), PF F1 Al F3 R BB, RUI M EERZAMATIGR . & R SETH 3L A T K 3R 9],
X 2 ] <t ] SUL R 71 47 17 8 SEURR BE AR o ST A Bl b, A2 BRI o TP G P AR B X ) = 28 S DY Rk
PR B y ZR S S 2 T, s P T S A AL, SR A A RS KB 7

3.4.2. KESERGSRAXLE S

e RRE R G AL GL I FERAT RS, A BT BR AR K 254 9K 3h 7 SR I 2 5F IR 6).
Table 6. Cross-distribution of clustering results and traditional classifications
6. BRERSEREN LN

Vs RRAE W EH AT HhFE X 3 50 AT PNEE )i

ORI (5)
FORTS). = ZR(1)

EREL AR U ZREB(8) HHB3) BRG). FREB) THO3)

. [ HULIRT (7). N N N HR(Q2) FFR4).
R 2 BURTE#HBUSR =2511). DIZEQ) ZRIB(13)s HHB) PET(4) (). T(12)

‘ ’ , FL T (2)- REB(10)y HEB(10), P ; -
3 8K A =1k 23). JUZ(14) (1. %6®) R (5) THU(6). TTH(28)

R 1 SRR RS 5 MO, DURRE. MRt &8, N, 2EE 5 A
LT, AU S A IR TN P A P T AR BRI, N U LR KR T AR I T
NE. e BURAR T SEGNFIT )RR SRS, b S W e IR
o3 -

GERE 2 HOSIRFSE 07 IR 20 NI RIS R BURHIE, BEABUM . TREEPO, tAE R K
Iy IR RARSE =2y, EEEARE ML AP Z T . B A DURE O X, A PRy G A
PR o0, IR 5 3 R— s, EEGEHD KPR T AR R, EhimEdz
T ] BRI AT AR, TR T AR Ge 0 A LA BE 1) “ RIFUR 407 P AL

R W 2 IZERRRCOR, R 39 NI, SRR Bl B MIRA =2, TN
Tk, UG BRSPS OIS, N FURURE B IDR ORI T o5 4R 2 8. I T
B Rl A R, R BRI 2 SARXT AL, B sl B 2 A G N D sh S S AT (]
RRE

3.4.3. BIRGHAWEN S XEIRIL R

FIRFRERET R A EEA B IR L

i DT SR I T B O SR E AL A A PR 2 o APR38R L R, B TR 0
SRR XK R RBUR S 4 = R BRI BUREERET ™7, PSSRl R A BN 2 TR —— < flA
WIBURR . BORTSEBURR . SR UL 20 55068 N2 1 AN [R] (55 B2 12 4

F ARG R EEARE I  RAFAE AR 5 “RIBRR” FNE KR “FERR” Hks
(] — ST AR T (A Lo 19 ) T RE 23 S AN TR SR 3R WA AR AT [R] R T P9 £E SRS LA PT BEAF 76 22 575
“ AR A% GEAN R S (3R T (U o 73 = 2Tl 5 98 — R i) T e VA T A — S, R WIS ipiah

DOI: 10.12677/5a.2026.154075 106 Gt 58


https://doi.org/10.12677/sa.2026.154075

A5l

HA T IR E 5 o SXARRE 7 9] B — S 06 70 SR DL 5e B 220 i 55 4 5 o vk
B, PO TG KT R T R R . U HOR “BURTE A HURAL” SRR, R
TR IR B A F T FRUIRN A BR A DR 3R RO RF R R, 3K SRR T A 2 UL A B o ST DRI SR
2R CT LY AL e b S S NS = R il S 7o VN iR 1wl L V% (£ G S T N o1 73
B CAARRIL” BVEIRERTE, N “BRBBGESR” SOt T AA R 2 AR SR

4. MHITHE, BEREXSWMRRE
4.1. RRUEASNRNESER

AHEFeE 7R 1 o BT B3 5 SR EAR T RO L

WA R =g A E GRS S XS b, MR T I B P A B R A ST
AL R

YT SR =g ARGES IR IKEN Sy S ZE R, IR A N =R T YRR . Rk S
EFM, WK ESRAMAMAKERA . XA “207 KRR ZT5 40 SRR K
BB A thoE, B RS KPR,

4.2. 3 “BERER" HEERR

AW T T AE 7 BT 5 A SRS e Bk, O R SR TR S R PRI . AN
SRR T NS WS (i A AP A R G PE 22 5, RPN “— 0007 B “DRISRMESK” -

SRV BURRAERE(LL A, SRATRIRT) X SR R RN R, RO E T RO R
R T o R S R T TR, R A S rh i ST B A TR LA

R TE EBUR R0 A, 5 T ZRININD X BORIG TN R, 55 5 2 BUHOR: & RFFIEC
SIEENE, NSRS B A 5G] T, MEIRHUIESE 2.

BERARIIL AR (39 A, = PULRI T )X A PR i B 5, 2 BT B4 . 58 0 RSN
LR P e (e R FE s e, B ML TH R 95 S b ki, 15 B AR R

BOR A L, 85 “FRRR " (RZ0Rh 2B ARERSEM “SRFRR” (ARZER )RR
GHE), SCIXBEEEYNE . ZhASHIEHESE T AL IS Wr - R - BB L], RIS “ERES
PREE” TN “EhAmAR” , KB “BIER B R HE CRINER” KR

43. BRERE

R e, WEFCEET I S, BT O RS, R BRI LB R AR . H, SRR T
A B IS WA E AN ke (EE A — g Bt

JEH: ARRWE TR AR 7 40 -

(1) RANRBNE 1 BN S H TR, a8 BRI 5 3 S AR ) AT A, F TE i 28 Y
“BRE” .

(2) GINERMLE T, He DR A AOAR LR A R 3 SR IR P 2%, Ak 8 RS A% e B A

(3) FHHEZRY Rt . AST TS A RN, #EATX R

5. &ig

AWFFCEL R TSR - SR T - KBTI BEAEAEE, s il R A0 5 A S DR S
55 FAR BT S Bk S A AR R e WU AT, R T R DR ot e A 7 A PR PR
K% Lo RS 3 R i A5, 355 BTl 3 D9 = A AR Bl 0 B30 S5 R SR o X — R e S5 M BBl AR 1 03 2K,

DOI: 10.12677/5a.2026.154075 107 Gt 58


https://doi.org/10.12677/sa.2026.154075

A

MY AL G U0 70 T R BF AR 77, T ER, & E M 22 A 0 XU A 5 SR AU U
B SR T SRR RIS BUR TR SRR X 4

WETC IR AR WY, BRAR A [ 3 st iz AL R 508, ANME T S HRE 2 RS R, T2 T E3T 8 AL “ Il
7 ARG TR 758 Lo MARTRSMERRZE 202, e I A ot A A2 K3 g K mi AR Ok 7326, =2 IE
[P RE HE N RINURS TG B0 2 B AWETONBESR M T —E e 8. WIHRAENTT iR 5 9EEs).

SE

[11  Yu, H. (2010) China’s House Price: Affected by Economic Fundamentals or Real Estate Policy? Frontiers of Economics
in China, 5,25-51. https://doi.org/10.1007/s11459-010-0002-7

[2] Zhou, Q., Shao, Q., Zhang, X. and Chen, J. (2020) Do Housing Prices Promote Total Factor Productivity? Evidence from
Spatial Panel Data Models in Explaining the Mediating Role of Population Density. Land Use Policy, 91, Article ID:
104410. https://doi.org/10.1016/j.1andusepol.2019.104410

[3] Chen, J., Guo, F. and Wu, Y. (2011) One Decade of Urban Housing Reform in China: Urban Housing Price Dynamics
and the Role of Migration and Urbanization, 1995-2005. Habitat International, 35, 1-8.
https://doi.org/10.1016/j.habitatint.2010.02.003

[4] Meng, H., Xie, W. and Zhou, W. (2015) Club Convergence of House Prices: Evidence from China’s Ten Key Cities.
International Journal of Modern Physics B, 29, Article ID: 1550181. https://doi.org/10.1142/s0217979215501817

[5] Huang, X., Jin, T. and Zhang, J. (2021) Monetary Policy, Hot Money and Housing Price Growth across Chinese Cities.
Applied Economics, 53, 6855-6877. https://doi.org/10.1080/00036846.2021.1949433

[6] Katagiri, M. (2018) House Price Synchronization and Financial Openness: A Dynamic Factor Model Approach. IMF
Working Papers, 18, 1-28. https://doi.org/10.5089/9781484378243.001

[71 E—id, %k, S8 BENEtE. At 5EEFERESID]. St 530K, 2024, 40(2): 155-159.
[8] K. STFBURAHE M & mlE 5 55 = A% ——2E T TVP-SV-VAR BB 143 [J]. X34 RAN 42, 2022(2):
19-27.

[91 Wang,J. and Biljecki, F. (2022) Unsupervised Machine Learning in Urban Studies: A Systematic Review of Applications.
Cities, 129, Article ID: 103925. https://doi.org/10.1016/j.cities.2022.103925

[10] Lam, C., Yao, Q. and Bathia, N. (2011) Estimation of Latent Factors for High-Dimensional Time Series. Biometrika, 98,
901-918. https://doi.org/10.1093/biomet/asr048

[11] Lam, C. and Yao, Q. (2012) Factor Modeling for High-Dimensional Time Series: Inference for the Number of Factors.
The Annals of Statistics, 40, 694-726. https://doi.org/10.1214/12-20s970

DOI: 10.12677/5a.2026.154075 108 Gt 58


https://doi.org/10.12677/sa.2026.154075
https://doi.org/10.1007/s11459-010-0002-7
https://doi.org/10.1016/j.landusepol.2019.104410
https://doi.org/10.1016/j.habitatint.2010.02.003
https://doi.org/10.1142/s0217979215501817
https://doi.org/10.1080/00036846.2021.1949433
https://doi.org/10.5089/9781484378243.001
https://doi.org/10.1016/j.cities.2022.103925
https://doi.org/10.1093/biomet/asr048
https://doi.org/10.1214/12-aos970

A5l

M F

Table Al. Full list of 70 sample cities
= AL 70 NMARBHRITTETIR

ETRS) W W5 W W5 W W5 W
1 Jb 19 Hi 37 RES 55 B
2 R 20 HEH 38 £k 56 SET L
3 FFIE 21 I 39 FHR 57 HE
4 KR 22 Kb 40 R 58 I
5 TP A1 i 23 T 41 Ak 59 L]
6 AL 24 el 42 HEPHT 60 i
7 K& 25 T 43 pa ] 61 HES
8 K& 26 I 44 A 62 L
9 W IR 27 HER 45 70 63 M
10 ity 28 T 46 M 64 LERN
11 B 29 BB 47 &g 65 Jeifg
12 B 30 W 48 =317 66 =T
13 T 31 i 49 2R 67 P
14 A 32 = 50 SR 68 R
15 A8 M 33 [y 51 JUT 69 L. 3%
16 JE1] 34 Al 52 Ell| 70 Pl
17 = 35 L&A 53 Uik

18 i) 36 L 54 o

Table A2. Summary of data-driven clustering results

= A2 BURRRRLERLER

SR BT
BUM L T R 758 Kb, #E0 BIR. R P2 2N . RN 0.
T e SR UL, BN, e, =1
St e O Jemts R AFHE. Bl BRI T ML B ML Y
R WPRIERE . OB K. K& WK, A, B, BT, ST, BEL. T
BN BEAF. Bl REH. Gk IR WML FAR AR R, 2R,
i< U2 N S T TN = A= N 411= I 2 N £ N £ NS RNI VLN & 7 SN [ N
PN FTS. WL R

TSR 17 2 U

BRI

Table A3. Prior classification of sample cities

F A3 WHERSLARR

TR ] ITBW SRS Hu 2 X3 PNEp:Y: 3
1 Jext L3l T IR BT R T

DOI: 10.12677/5a.2026.154075 109 Gt 58


https://doi.org/10.12677/sa.2026.154075

g
2 R s IR IREBI I BRI T
3 YEE 4= =&k AR TR R T
4 KR =8 R X Lty A
5 I FH SRR =] PE L X IR Rk T
6 TLBH =] FRAbHEX ORI T
7 KiE =] FRAbHEX ORI T
8 K& =8 FAtHX Lty A
9 W IRV =8 HRAbHLX R T
10 ki ki REBUITF R T
11 B L ARSI R T
12 B L RIEBHT RERI T
13 T LIl ARSI it i)
14 & s T HH S X TR R T
15 &M HL IR REBIIG TR
16 &1 ki REBIIE jtith) i)
17 HME ZERTH HE b X it i)
18 i) LRSI RIBHT I RERI T
19 G =] REBHTIE ORI T
20 H HL IR b X R
21 Ee)d HL IR T Hrf X iiwN i)
22 ST = qi] Hrf X R T
23 T (AR} RIEBHTIE R ORI Tl
24 N (AR} REUTIE LN )
25 T ZERYk T HRIBIEIG Lt i)
26 A =&k REBIEIT A I T
27 HER =R PE L X R T
28 BT =&k VS X B R T
29 BEBH = qi] PEEHL X EtyN g
30 B =2 53 Hh X ORI T
31 7 %2 =R PG Hh X eI
32 =Pl e P X it
33 iy VU £ i P53 Hh X ALK I T
34 oyl W27 PEEHL X A I T
35 L& ARF W27 P 1 X JEtyN 3
36 JELW = qi] REBIIG A I T
37 RHEE =T FRIBIGIG it
DOI: 10.12677/5a.2026.154075 110 Giil 5N H


https://doi.org/10.12677/sa.2026.154075

A5l

i3k
38 1.3k k2700 P H X T I T
39 FHR WEe2700) RAbhX T I T
40 M VU £ i ARAbHX IR KR T
41 L VU 23 i FRAcHLIX ALK I Tl
42 HFHT VU 23 i FRAbHX IR Rk T
43 T8 SRR IV IR Rk T
44 M =R RIBUTHE IR Rk T
45 P = qi IR AR IR T
46 T SV IREIR A I T
47 &g SRR ) IR ALK I Tl
48 i3] =Rk Fh R A X ALK I T
49 ZON =Rk Fh R X ALK I Tl
50 SRM LT IR T I T
51 JUIT. =Rk FRER A X AR IR T
52 B =8 L X T I T
53 G =Rk FRIBIEIG ALK I Tl
54 e =Rk HRIBIEIG ALK I Tl
55 1% BA =Rk Fh R AL X ALK I T
56 S L =Rk FpER A X ARk T
57 HE =Rk FpER AL X ARk T
58 2 H =Rk FpER A X IR Rk T
59 5 BA = Fh R A X ALK I T
60 s =Rk Fh R L X ALK I T
61 PS SRS ARIBUTHE ALK I T
62 BT =8 REBIEIG A I T
63 O =&kl RV A I T
64 LERN VU £ i IR ARk T
65 iz VU 23 i R ALK I T
66 =3 W10 IRIBUTHE ALK I T
67 P VU 23 i PO X ALK I T
68 A VU £ i P b X ARk T
69 LY VU £ i P b X AR IR T
70 K W70 P HHL X A I T
DOI: 10.12677/5a.2026.154075 111 Giil 5N H


https://doi.org/10.12677/sa.2026.154075

	基于潜在因子响应结构驱动的中国城市二手房价异质性机制研究
	摘  要
	关键词
	Heterogeneous Mechanisms of Second-Hand Housing Prices in Chinese Cities: A Study Driven by Latent Factor Response Structures
	Abstract
	Keywords
	1. 引言
	1.1. 研究背景与问题提出
	1.2. 高维时间序列因子模型：方法论契机
	1.3. 核心挑战：潜在因子的可解释性问题
	1.4. 本文的研究思路与核心创新
	1.5. 理论贡献与实践意义
	1.6. 文章结构安排

	2. 研究设计与方法论框架
	2.1. 理论框架与核心命题
	2.2. 数据体系与预处理
	2.3. 共性潜在因子提取
	2.4. 基于先验分类的载荷结构分析
	2.4.1. 先验分类体系的构建
	2.4.2. 组间载荷模式的比较分析

	2.5. 基于因子载荷的数据结构驱动聚类

	3. 实证结果分析
	3.1. 共性潜在因子提取结果
	3.2. 基于先验分类的因子载荷结构分析
	3.2.1. 城市层级分类结果
	3.2.2. 地理区域分类结果
	3.2.3. 人口规模分类结果

	3.3. 因子的异质性特征分析
	3.4. 数据结构驱动聚类结果
	3.4.1. 聚类结果与集群特征
	3.4.2. 集群与传统分类的对比分析
	3.4.3. 数据结构驱动分类的理论内涵


	4. 机制讨论、政策含义与研究展望
	4.1. 异质性传导机制的综合阐释
	4.2. 对“因城施策”的精准启示
	4.3. 局限与展望

	5. 结论
	参考文献
	附  录

