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Abstract

This study takes Beijing college students as the research subjects, aiming to investigate their cur-
rent usage of Al large models and the factors influencing their continuance usage intention, so as to
provide empirical support for enhancing students’ Al literacy and optimizing Al applications in ed-
ucational contexts. Grounded in the Technology Acceptance Model (TAM) and the Expectation-Con-
firmation Model (ECM), the study categorizes influencing factors into internal and external factors,
and employs descriptive statistics, reliability and validity testing, correlation analysis, and multiple
linear regression for data analysis. The results show that ChatGPT and Doubao are the most fre-
quently used models, with writing assistance and language translation being the primary applica-
tion scenarios, while inaccurate responses and inadequate handling of complex problems are prom-
inent issues. The regression model is significant, with both internal factors (8 = 0.614) and external
factors (ff = 0.374) positively affecting continuance usage intention, and internal factors exerting a
stronger influence. The findings indicate that Al usage among Beijing college students is relatively
widespread but remains shallow in terms of application depth; enhancing usage intention requires
prioritizing product performance optimization, particularly in terms of accuracy and response qual-
ity. This study provides empirical references for deepening Al applications in higher education and
improving students’ digital literacy.
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Figure 1. Grade distribution of surveyed users
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Figure 2. College of the surveyed users
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Figure 3. Professional categories of surveyed users
3. IAERP TS

3) BEEH P EH Al KEZIER

TERAVTELEE ) 520 Oy B, 47.1%HFH 7 2023 ELLRTE L@ A Al KER, 32.7%7F
2023 SERSHIGER, 20.2%7E 2024 S a6, HATATEEATE Al BARTE NN & f5 7 $2fh I
(Kl 4.

2023¢ELART

47.1%

Figure 4. Start time of Al large models use by surveyed users
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Figure 5. Channels of learning about Al large models by the surveyed users
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Figure 6. Al large models used by the surveyed users
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Figure 7. Most frequently used Al large models by the surveyed users
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Figure 8. Frequency of Al large models usage among the surveyed users
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Figure 9. Scenarios of Al large models usage by the surveyed users
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Figure 10. Problems encountered during Al large models usage by the surveyed users
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Table 3. Total variance explained for the influencing factors scale
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Figure 11. Scree plot of PCA for the influencing factors scale
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Figure 12. The diagram of factor loadings
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Table 5. Correlation analysis between users’ continuance usage intention toward Al large models and internal factors
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