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Abstract

With the rapid development of deep learning technology, large-scale models have become a re-
search hotspot in the field of artificial intelligence and a core driving force for industrial applica-
tions. The purpose of this paper is to comprehensively analyze the ecosystem of large-scale mod-
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els in industrial applications, and conduct in-depth academic discussions from its definition, de-
velopment history, technical principles, industry chain structure, policy environment, enterprise
dynamics, innovation ecology, risk challenges to future trends. Through the research in this paper,
we hope to provide a comprehensive and in-depth understanding and reference for relevant poli-
cymakers, researchers and enterprises, and to promote the healthy and sustainable development
of big model technology and industry.
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Table 1. Characteristics of large model policy planning in major countries/regions
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Table 2. Characteristics of large-scale model policy planning of major provinces/cities
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Figure 2. Distribution of large models in key provinces and cities in my country
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Table 4. Introduction and advantages of large model product model
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