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Abstract

With the development of big data and artificial intelligence applications, network text analysis has
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become an important tool for perceiving tourist destination images. This article takes text analysis
as the main thread and systematically expounds on the connotation, characteristics, and formation
mechanism of tourist destination image perception from aspects such as research theoretical basis,
research progress at home and abroad, technology development and application, research findings
and discussions. It is concluded that the perception of tourist destination images can be deeply an-
alyzed through methods such as high-frequency word extraction, sentiment analysis, and semantic
network construction in text analysis methods, so as to explore tourists’ cognitive, emotional, and
image perception characteristics of the destination. Scholars at home and abroad have conducted
many explorations in the research of tourist destination image perception. However, there are
problems such as insufficient research on cross-cultural tourist destination image perception and
insufficient multimodal integration and application of analysis tools. In the future, it is necessary to
further strengthen the integration of technology and theory and interdisciplinary collaboration in
the research of tourist destination image perception, so as to provide support for the optimization
of tourist destination images and innovation in management.
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