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Abstract

At present, the researches of software effort prediction mainly focus on the prediction of total ef-
fort, and the prediction of software project stage effort is less, but the software industry has a
strong demand for it. So, this paper studies software-stage effort prediction by using the GM (1,1)
model of grey theories, and improves the metabolic model of GM (1,1), selects the initialization
dynamically, and proposes a prediction method IGM. Experiments on three different datasets
demonstrate that IGM method is superior to traditional metabolic GM (1,1) model, GV method and
LR model, and has greater potential.
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Figure 1. The prediction process of IGM method
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Table 1. The number of items per data set
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Table 2. The MMRE of four methods on different data sets
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Table 3. The Bias of four methods on different data sets
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