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Abstract

In order to make the library staff relieve from a large amount of redundant information and
real-time understanding of the needs of teachers and students, for WeChat library, in the paper,
the method of hotspot topic detection based on model Latent Dirichlet Allocation (LDA) was pro-
posed. The method first merged the characteristic words by constructing the professional dictio-
nary in the library field, and then all the texts of WeChat were described by model LDA. Finally, the
similarity between texts was calculated by topic similarity, and then the Single-Pass clustering al-
gorithm was used to cluster WeChat data and found hotspot topics. The experimental results show
that this method can effectively identify hotspot topics, and achieve good results in precision, re-
call and F-measure.
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Figure 1. LDA model generates text process
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Figure 2. The trend of phenomenon of LDA model with the number of subjects
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Figure 3. Comparison of the accuracy of the results of the test results
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Figure 4. The trend of system normalization detection overhead changes with threshold
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