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Abstract

Protein complexes are formed by interacting proteins and exhibit diverse biological functions.
Protein complexes are predicted by computational methods from biological networks, which is
not only important for understanding the mechanisms of biological activities and the pathogenesis
of diseases, but also for making up the deficiencies of biological high-throughput experimental
methods. In this paper, two types of prediction methods based on static network protein com-
plexes are introduced and analyzed. Secondly, we discuss the deficiencies of protein complex al-
gorithms and the challenges of this field.
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Figure 1. Classification of protein complex detection
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