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Abstract

In Snesim algorithm of multi-point geological statistics, the probability distribution can be deter-
mined by scanning the number of data events which are same as the distribution of conditional
data in the training image, which can reflect the joint variability of multiple locations. In this paper,
Snesim algorithm is implemented in C# language. Using the parallel operation ability of C# to build
a search tree greatly improves the computational efficiency. The search algorithm of data events is
studied in this paper, and the effect of changing training image to verify the treatment of simula-
tion results is explored.
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Figure 1. Basic elements of multipoint geostatistics
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FETHREM T, Strebelle and Journel #&H 1 2 fU B Si i BEHLEAU Snesim H%(Strebelle and
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int Ni = traininglmage.GetLength(1);
int Nj = trainingImage.GetLength(0);//35z B Il 4k B 4% i 4k 5
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Vector[] all = new Vector[Nj * Nil; //#7t& il 2 B1G H R IC R AR S B
var result = Parallel.For(0, Nj, J => Parallel.For(0, Ni, [ => { all[J * Ni + I] = new
Vector { ReX=1,ReY=1]1}; }));
IHEPTINGEB AN TR, BEAD TR RS BIRES all 24l
while ('result.IsCompleted) ; /AW JEER /2 75 45 oK
return createSearchTreeAccumulator( traininglmage,dataTemplate,Next(traininglmage,
all, new Vector { ReX =0, ReY =0 }, 0), Next(traininglmage, all, new Vector { ReX
=0,ReY =0}, 1)),/ 8 2R 0 e e £
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Figure 2. Search tree structure
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Figure 3. Training image data
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Figure 4. The comparison of the raw data with the data after multi-point statistical simulation
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Figure 5. The simulated result graph using training image T1

5. EBRIIGER T1 REIZERE

AURINGEBR AR, KTIZGEG T1 BE TR E 0 ARIES, 1 AR H)HET T
FFRINZRIEE T2, AR5 FIRE AR5 BB BEAT (R RE ) 22 b e i 2 T SR 45 R a4 6.

Figure 6. The simulated result graph using training image T2
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