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Abstract

According to the influence of various factors on the output power of wind farms, a short-term wind
farm output power prediction model based on CEEMD-GRU is established. By comparing with the
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prediction results of the single model BPNN, SVM, GRU and the combined model EMD-GRU, CEEMD-
BP, the combined model with higher accuracy for the wind power prediction results is obtained
through the error evaluation indicators, so as to improve the short-term wind power prediction
accuracy.
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Figure 1. GRU network topology
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Table 1. Basic statistics of wind tower data
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PR A (7) 3.82 356.73 161.9692 98.51969 0.83
WA XE (m/s) 0.04 9.14 5.3679 1.52418 -0.055
WAL SIE(C) 6.13 23.24 15.2162 3.82169 -0.268
MRS S (KPa) 79.54 99.85 98.931 0.62803 -18.311
RIS R (RH) 46.53 97.31 82.1449 13.18049 -1.002
W RIS 2552 (kg/m®) 0.9911 1.2366 1.196137 0.0196402 -0.441
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Table 2. Basic statistics of real wind power
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Figure 2. Wind power original sequence and CEEMD decomposition results
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Figure 3. Comparison of EMD series with BP and GRU model
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Table 3. Comparison of EMD series with BP and GRU model
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