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Abstract

To address the premature convergence problem of traditional particle swarm algorithm, the algo-
rithm is improved by optimizing the inertia weight and modifying the learning factor, enhancing
the global search ability and local optimization accuracy of the algorithm, and avoiding local opti-
mal solutions. A 24-hour time series microgrid simulation scenario is established, and the tradi-
tional particle swarm algorithm and the improved particle swarm algorithm are used for dispatch
simulation comparison. The experimental results show that the improved algorithm in this paper
can effectively reduce the comprehensive operation cost of the microgrid.
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Figure 1. Power output of each source
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Figure 2. Convergence curve of the IPSO algorithm
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