Service Science and Management RS-FI£A1EHE, 2016, 5(1), 18-25 Hans )i
Published Online January 2016 in Hans. http://www.hanspub.org/journal/ssem
http://dx.doi.org/10.12677/ssem.2016.51003

Distance Learning Applied in Structure
Concept Management Ontology Model

Guoying He?, Wei Gao?
'School of Economy & Management, Yunnan Normal University, Kunming Yunnan

’School of Information, Yunnan Normal University, Kunming Yunnan
Email: 2280159177@qq.com, gaowei@ynnu.edu.cn

Received: Jan. 8”‘, 2016; accepted: Jan. 26th, 2016; published: Jan. 29th, 2016

Copyright © 2016 by authors and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY).
http://creativecommons.org/licenses/by/4.0/

OO open

Abstract

As a structured data model, ontology has been widely used in various fields of science. In man-
agement, ontology model is a tool for information retrieving and semantic query expanding. In
this paper, we present an ontology learning algorithm based on distance learning method, and the
framework is obtained by means of eigenvalues calculation. Through two simulation experiments,
we verify the effectiveness of the new ontology algorithm.
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