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Abstract

In order to study the professional classification of domestic staff, this paper designs a psychologi-
cal behavior scale to conduct a questionnaire survey. Based on the abundant data resources of do-
mestic staff in Y Enterprise, this paper analyzes the correlation between psychological factors and
behavioral attributes, determines the psychological behavior attributes that affect the professio-
nalism of domestic staff, and then proposes a professional classification model for domestic staff.
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The over-sampling method is used to balance the training data set for classification model training,
and the professional classification prediction of domestic staff is carried out according to the test
set. The results show that there is a significant correlation between psychological factors and be-
havioral attributes, and a number of psychological behavioral attributes affecting the professio-
nalism of domestic staff are established. The classification algorithm based on the balance training
data set of psychological behavioral attributes can achieve 79.8% accuracy in the professional clas-
sification of domestic staff in the test set.
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Table 1. Basic information table of respondents

L OFEMNREKERER

A H UNUAE (6 s i b
53
5 104 15.8%
% 553 84.2%
B %
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Table 3. Score of psychological dimension of psychological contract
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Table 5. Correlation analysis between professional identity and behavioral attributes
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Table 6. Correlation analysis between psychological contract and behavioral attributes
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Table 7. Correlation analysis between job burnout and behavioral attributes
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Table 8. Examples of partial sample processing results
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7 0 0 4 1 34 0 60 10 11
8 0 0 1 1 34 1 25 13 0
9 1 2 12 1 34 0 27 21 0
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Table 9. Comparison of the effect of classification models of balanced data and unbalanced data
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