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Abstract

Objective: In order to better guide clinical practice, based on the data of Professor Lu Yun’s diagnosis
and treatment of subacute cough patients, the data mining was used to analyze the medication char-
acteristics of Professor Lu Yun's treatment of subacute cough and explore its medication rules. Meth-
ods: The prescriptions of patients with subacute cough who were treated in the outpatient depart-
ment of Professor Lu Yun of the Affiliated Hospital of Chengdu University of Traditional Chinese Med-
icine from June 1, 2023 to October 30, 2023 were collected, and the frequency descriptive analysis,
association rule analysis, cluster analysis and complex network analysis of traditional Chinese medi-
cine were carried out. Results: A total of 120 prescriptions of traditional Chinese medicine were in-
cluded, involving 67 kinds of drugs. There were 20 association rules. Four kinds of drugs were ob-
tained by cluster analysis. Complex network analysis showed that the correlation between 18 drugs
such as platycodon grandiflorum, fritillaria thunbergii, liquorice, angelica dahurica, perilla leaf, asa-
rum, schi- zonepetae and mint was the highest. Conclusion: Professor Lu Yun’s treatment of subacute
cough is mainly based on dispelling wind and resolving phlegm, dispersing lung and relieving cough,
and the commonly used prescription is mainly Jiawei Zhisou Powder.
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Table 1. Frequency analysis of single herbs (frequency > 70 times)
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Table 2. Analysis of drug-pair association rules (percentage support > 70)
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Table 3. Drug-to-drug confidence analysis
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Figure 1. High-frequency drug cluster analysis dendrogram
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Figure 2. Complex network diagrams
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