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Abstract

In the field of application-oriented undergraduate, all teaching and training skills should closely
meet the actual skills needs of “industry” posts and follow the development path of “industry lead-
ing teaching, industry defining teaching, industry driving teaching reform and industry promoting

MESIM: FPE, BHA, WTR ETPSEK (RS R EEASEESED). BOLEE KRR, 2025, 14(4):
115-120. DOI: 10.12677/ve.2025.144163


https://www.hanspub.org/journal/ve
https://doi.org/10.12677/ve.2025.144163
https://doi.org/10.12677/ve.2025.144163
https://www.hanspub.org/

05 %

teaching improvement”. In the field of industrial visual inspection, the defect detection project of
metal plate and strip is very important for students to engage in metal processing, quality control
and equipment maintenance in the future. In application-oriented undergraduate, the whole pro-
cess of knowledge points of metal plate and strip defect detection project is integrated into the
teaching practice of “Deep Learning” course, so that students can experience the industrial scene of
industrial visual inspection in an immersive way, aiming at improving their skills and enhancing
their employment competitiveness.
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Table 1. Comparative analysis of detection techniques for indicating defects of different plates and strips
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Figure 1. Flow chart of metal strip defect detection based on deep
learning
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Figure 2. Examples of six typical surface defect images in NEU-DET data set
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Figure 3. Examples of three types of defect images in KMUST-DET data set
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