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Abstract

This paper deeply discusses the application and influence of artificial intelligence (Al) in vocational
education, especially the latest achievements of AIGC (generative artificial intelligence) technology
and its help for the future of vocational education. By analyzing the development paradigm of arti-
ficial intelligence, this paper introduces the technical principle and innovation optimization of AIGC
in detail, and points out that AIGC technology, as a representative of new quality productivity, is
leading the development of vocational education to intelligent and personalized direction. Through
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empirical research, this paper verifies the effectiveness of AIGC in vocational education, refines the
application scenarios, provides practical solutions, emphasizes the important role of AIGC technol-
ogy in “student growth”, “teacher development” and “education reform”, and how to help the new
future prospects of vocational education.
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Table 1. Summary table of artificial intelligence research paradigm
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Figure 1. The development process of artificial intelligence and its algorithm model
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Figure 2. AIGC influence mechanism diagram
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Figure 5. Index score comparison chart
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Figure 6. Smart campus planning
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