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Abstract

Under the influence of generative artificial intelligence, it has become an important auxiliary tool
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for college students when choosing thesis topics. However, the convenience and efficiency it brings
are accompanied by a series of problems. This article investigates the current situation of college
students’ use of generative artificial intelligence to assist in thesis topic selection through online
questionnaires, analyzes the application fields, usage frequency, tool selection, and usage attitudes
of college students using generative artificial intelligence to assist in thesis topic selection, and ex-
plores the problems and causes such as overuse, overlapping topic selection, and information distor-
tion in using generative artificial intelligence to assist in thesis topic selection. This article proposes
normative suggestions for the reasonable use of generative artificial intelligence to assist college stu-
dents in thesis topic selection from aspects such as concept guidance, system construction, risk pre-
vention, and cultural construction, helping college students use generative artificial intelligence to
assist in thesis topic selection rationally, improving the quality of thesis topic selection and scien-
tific research innovation ability, and providing a reference for universities to standardize the man-
agement system for assisting college students in thesis topic selection.
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Y NUIEL S AV EIVE TR s N1k S

Az RN TR RE NS A 5 UV e e I E) 22 B AT AR BN TR Be iR B T HoR K
JE. HAT, FRE MR G AR T REEEART R L TG, stk 2 e . 28
FEANFITE AT RRTEAE . AN RE B TR

BEAh, AR RN TR BE N s ok — SR R IR IR A S AR B e 2E RN TR BN AR SR ““ Al
QIE” Wil sE ? AN TR RERIZAEBURERT A ? X B R K A 2R 18 SO A & RV A= R

DOI: 10.12677/ve.2026.155224 187 BV E R


https://doi.org/10.12677/ve.2026.155224
http://creativecommons.org/licenses/by/4.0/

BlERE G

MRRITEM:, SERAAREFRRE. FARWES 4 B
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1.3. ERIMFFRIIR

1.3.1. ERfARIR

Kb I 2538 VERUA BRAE F IR 55 5 e 2E N TR RSB 5 R AR 2y I 24 R, S I 4538 K 1)
EAERCE AL BOSIT F B VERUR RN TF S EERN R 2 —. ). XI—N5(2025) [L7EMRE i e
BRI SR 2 VRS BT 75 22 R A0 P St v e, TE AU B DI SR B AR T 5 ERN &7
a2 A, EEGRAHZAN DI EM E B S 4. D7, 7EF$(2025) [2]42 H BB T4 RE I 2R 50 1)
EAVERUZBURB AU S, S Z BRI O R AR IE,  H g A bR FH 25 75 SR
Bi. BUTIR. $EERFHI(2024) [314: H AR BN 88 Be I SR80 I AR 4 U AE T 32 BB 1 i 1) A FH 2 L
REVFA] N EUEFHZAERUE SN DN TR BE VISR AT AR AL, 7 “HHAEMU” “YREvrnit”
413 o

N R Re A A P R 5 i DA R Al 3 P RSB I S — AN il il f . 25 575(2025) [415E TR &L
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TN S 00 PE TTBR R A B . SKERIE (2025) [5]3: 5K 4% I8 GIAE B BEifiSr NS BIE S 1 bt Hufr,
A A F B B X 53 AN [ FH 3 (R b A A 5 AR R LA ) IR 20 B B R P X, DA S G 2 RAE A I N L3
BEQIEAT NS B . P75 77(2025) [6]LL DeepSeek il iz 2 %% N T80 g A U 2848 v () 35 1 vk
B, YONH BN TR RS R AT R MR 4k, T UG A, Xis el
BIRVEBE &, N BEE NN TR AR S H . REEH(2025) [7]LA ChatGPT ABIA A &
N TR B DI SR8 RIS T ) AR RS OB TE AR, 75 AT 4 T (B Y AL A o

AR BN RN TR RE R XT) 81 7308 3 33E(2024) [8] E B b 1 AR Rl aRN T8 RERE“ B
HARWF RS B FARVAINEE, (5 ERBE MRS B4 R BUCRIEE 2 “Bh” AR, (5
BEERHS B4 e “87 2RI MXSESREGM AR, KE ChatGPT 1§ FH & 15
AMRGNE T S S, (BB BERIBIE ZREE, SRFAESEEEN HRESIR 8, X
WU T N TR BEX 2RI “&7 7.

Bt A N T BB R R IR RS 5 R, 2 AT ANAR R A BE R T YA T o IR RILYE 7 T
A 2205(2024) [9]6 T 58 3 A2 B U T8 REBCHE I 25 & BRAE R RN, AR A AR FE R B R 0 23, AP
TEAN N2 WF 9026 BRAS 52 ROBUER 3 4 i JEAT N A RE ISR 11 BH(2024) [10126 T hnasxs A T4
WEGEHRAZILEERAT ARG, RSB R IE & A . @RS WNLH, MIEk sk (s 5
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1.3.2. ESMRRIIR

FE SR AC BRI DT 1, 2025 411 Tuan Pham [15] ABEST f# BRSSHI N TR GE NG, 2t HoRBIH S
Kol FFRSEEE, NTEBEMARMERZEME. AR,

MEEANERLE PRAE T [ B s B A, SR (GEAERGE) o “ T ARAE BN T RE I SRR R S
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Methodological Challenges for the Responsible Use of Al in Systematic Reviews: Risk of Bias Assessment.
(Farzad Maleki, Manoochehr Karami 2024) [171#8 H, AN L& GBI AAEmIR M, o8 H AN TR
BORGHBIFI IR BRI, N TR e RO Bl 6 S A A BN AR VRO T 4 BEA RS, X ViR AL
B REROAE Y S A A R SR 1 kAR
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2.1.2. REFEIRIGER

KEAAE S R KA A SR SR JT A BRI 70 T 538 5 % s S 78 it o 3 2 1)
W) AT E RS N2 WL A EECE I SC(BT)TE R, 2RSS0, A Mrx
5, A e I AT S SR SRR R o 10 S RS TG L LR BRI B PR B T AT T
SRR BRI, K2 A R T S e SO — e A B BERERE . AT I I RE . BT RE

2.2, BILEA

2.2.1. FRFEER

ARG AT FARTIE N TS FE . AIEREATHMEN, HEARTROE: RPE.
ARG AR B . ABIEAE S TFBERIUCAEAR TR . F RS IR KA 2 S B AR
(EHES AR ZR, i h 2% =) & T R AT 0 A AR RN T e L FH U6 2B 4 3 2 AR A I B AR 2%,
A N T REAE Al B 25 TF R 0 00 N A RE R FH AR 26 DAGES 22 R AE iR, A i\ T4 BB 4
B T HATTHRUREE A ) e 5 00E TN, SRS ERE . W, HiGE R SEFARAmT A

2.2.2. BEBAREZEIR(TAM)

HE BAEZ IR RGNV — A AN — 0 AR 0 SR T2 E A T A . &3
AL PR AR F A A N TR BRI R, K2 A S A QN T3 R R R b AT A 2R
RN RS T LA B B O w8 S R R A B M (R ), I L P R ] B A2 ELPE SR (5
). BEHAREZHRW LT 51 SRS HE A A RN TR RE, 3B R o A sl T8
REMIERMEIAR, W E H S FRm %k Ee

3. KREERILRTPAER Al FEAHIR
3.1 KREAEMFER Al #ENHZBM 2 1ER

311 FHESHERIGERES

RN Grh, ARERESEAE 165 N, AL 79.33%; ML AAEE 38 N, L 18.27%; [H L
FAETESE 5 N, dH 2.40%, DUAEFA AN GO R KSR 1 SOE LS S AR 1) B AT TEIR SOE
HEELRES, 201 LEER TR GEBS SEST, S 96.63%; A TS kB SEL1%EE
7N, L 3.37%, KREECAFI REE R SCEB S SER T, T B AL

3.1.2. Al BN S ERmE

KT 2N TR 6, 202 424 miE At 4 AU T RE, 5 97.12%; AFIEMAT 44
RN TR REA 6 4574, 5 2.88%, BT AT R A A N LR RRAR BAE, AR 10 S0 i
FAE RGN TR Re it 1 25 R TR SO R FH AR il QN R R A AR (WL 36 1), BRI ATE
AR TEREIAT IS SGRRN A 62 4244, 15 29.81%; K22 HiH vl A s\ T8 BEdEAT 18 ik
A 125 4542, 5 60.10%; A B A AN TR BEFAT IR ORI A 18 4% 42, 1 8.65%; fR/D
8 AR RN TR BRIEAT IR ST RN 3 54, 1 1.44%.
313 FNREEMEEFERMEER

AN DT R VR B R 2R AR A TN TR BE AR AT AE 22 7 (L35 2) Wi 504 “ 4 F 7 A “ AR TR
FIEE BB, 43N 36.84%F1 62.42%. ARME “ZWH” WHLGIRE, N 62.42%. HAHTHEAR
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BEUD, PrUERSEA 2 R, (BRI ARIERME AT, Pk ey 80%. XRS5 AN
B BOG AB A X 2y REPE LA R BHIT 5 SR A 9%, Al B Bk AUV SR SRS AR IO SR IR S8, 6 Al TR/

RELHE

Table 1. The frequency distribution of university students using generative Al to assist in thesis topic selection

F 1 KEEFEAERR Al BN OEBASAR 57

3 F A AH 5 (%)
A. BIREER 62 29.81
B. XZHmH&EfE A 125 60.10
C. B EH 18 8.65
D. HRAMEH 3 1.44
&t 208 100.00

Table 2. Variations in generative Al usage frequency across students of different academic levels
2. TEIZEHFEEREMN Al IEER

FHER BREMEH %) REFFRERA(%) BDERA%) WD ER(%) FEAH

v 27.88 62.42 7.88 1.82 165
it 36.84 55.26 7.89 0.00 38
i 40.00 40.00 0.00 20.00 5

3.1.4. Al ERBRFBEE TN

Xof A R T A B A5 (L 3), Y “ARF R I EE 35 N, b 16.83%. ik “ELBEHE
fO2 A 128 A, i 61.54%. MM “—f” (0% 42 A, 5 20.19%. HEH “ R A 3 A,
5 1.44%. HEEEERIHRE + LEHE)E N 78.37%, WAL E, BRI AR N T A B
2R R ROR 22 B R 2N AN, (EATS 21.63% 27 A B 4500 B AR I — R TE R, BN T REAE
W R LB R

Table 3. The distribution of satisfaction levels among university students regarding the effectiveness of generative Al in as-
sisting with topic selection

£33 KFEEMNERR Al BT RAH=ZESH

WREER A% 5 Hi(%0)
A FFEHR 35 16.83
B. LEWHR 128 61.54
C. —#% 42 20.19
D. AR 3 1.44
&t 208 100.00

3.2 Al FFIEBMBHNEEN AHR SRR IR

321 BLNRARSH
RENTHEGER FAERSCE LR m LR 4), WD (1) ANTEGEEEMT 7L &

DOI: 10.12677/ve.2026.155224 191 BV #E R


https://doi.org/10.12677/ve.2026.155224

BlERE G

A R I T AR (178 N, 85.58%). (2) TREME RS AT AT 5 AT 4T 1E(165 N, 79.33%). (3) i
— DY/ NEBIVE R (152 N, 73.08%). (4) VPS8 SCIEMSUT & (136 N, 65.38%). Bhh, ibAHES AN H
N RESR T8 7 38 U BR AR FE T 28 59 ik

AU, KA B EEA NN TR BE AT 10 SCE B 15 BUE . IRTERTAT, i N TR RS 5
(R PR AR DL RS AR . SRR K TEIE VPl e R T AT MRS I, 8 SR A A 1

Table 4. The distribution of application scenarios of generative Al in university students’ thesis topic selection

T4 ERR A EAFERCEBRTHNRIARSH

VAR 7558 A% 5 Hi (%)
A. PR B 136 65.38
B. 4i/NEBTEHE 152 73.08
C. RiEMEmR & B AT 474 165 79.33
D. T ff = YUt SUBR 178 85.58
Hit 9 4.33

3.22. Al ERENEE T/ K IR

EARE e T B AE SRR AN, (B F B IR AR — e ) (56 5). Hp AR E R H
IZZSCIRAN I 172 N, 7 82.69%; L EFE“E A 145 N, 15 69.71%; A7 A B0 1)
H 138 N\, 15 66.35%; 4o LIRS 112 N, /7 53.85%; #IESIREZ NI, 184 X BIAHERIIE
B, 31.73%.

Table 5. The main problems encountered by university students when using generative Al to assist with topic selection
25 KEEFEAERN Al HENERAHBR N FEE)E

FAE R A i Hi (%)
A. ERREBETMAE 172 82.69
B. AR FEML™E 145 69.71
C. WATEEZ. BrEbtstfk 138 66.35
D. 5& I HEEK 112 53.85
E. BB, BSRBURE 66 3173

3.3. KEAEFEAERR Al TEREFISFIE

331 TAFERAXEYH

VW 10 3K FEWARAKN TR GE T H, KA 2A LA T B v doh T B A5y
fE(WF 6). AAARE, TAL. DeepSeek. Kimi MKiXArJ&EHT=Ar, 73nl4 198 457/ (95.19%). 185 4%
(88.94%) . 156 44 “#H: (74.04%) . 300 —F VEEE 5 VI8 T R SR T4 TRATH & Lh 3k g 50%.
ChatGPT. Google Gemini. Claude {# FI %4> 5~ 62.02%. 35.10%. 28.85%, £ %5 T EAHFER M. &
FEHMEE X WA FAEREAECE. 5. grok FHALT R, Sk 8%/t
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Table 6. The distribution of types of generative Al tools used by university students

F 6. RFEEAVEMN A TRXE S

Al TR AN# i H(%0)
DeepSeek 185 88.94
58 198 95.19
Kimi 156 74.04
Xo—7 142 68.27
LRSS 126 60.58
TR 115 55.29
BT 138 66.35
ChatGPT 129 62.02
Google Gemini 73 35.10
Claude 60 28.85

33.2. TREENZLEER

KEAERN TR TAMEmME R FEREZ 0k 7), HhEBHERTE@168 A, 80.77%). #
YERIEPE(56 N, 74.04%). iESEHME@N42 N, 68.27%). FAREIFEEAESI(135 N, 64.90%). KHHE
fE(128 N, 61.54%)%%5 2 FE N ZE, TRMAE. WG T EEED G, 4T “TozEn” i,
SRR T HIGER “HR” FCHRY, AR, 1.

Table 7. The core influencing factors of university students’ choice of generative Al tools

F 7 RFEEFERN Al TROZOEIME R

WmER A¥ i H(%)
A. 5 BrEmE 168 80.77
B. BEMEREM: 156 74.04
C. B ERE 142 68.27
D. ZARBEIRE AR 135 64.90
E. REBEE 128 61.54
F. TRMAZE 80 38.46
G. W BEm 62 29.81

4, REERETPERN Al FEREERIEIEERE
4.1 FEo)E

4.11. BEXRE A, BEREENMENEL

90% LA F R ZAEAEEAT N TR A BIE U G, A RS AEAEAE “AMEB N TR et A 1E A7 1)
OFRL HRHR N TR Re R ALY IE 7 R IE B A S A T8 SO A R, R = R R e I AN E AT
B 550K o X PRI BRI 22 AR e R 085 9%, AR TN B R kg X Z M7 B EIRE
BB AT SO SO ST R ST o 2 AR BB, VAN, FENT SR & G BERE DI BUEA 2, Bk
RIUE R MEBEEREE . AR RFATSMRIEN TE IR ALES, WA — A MELR R, 58
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AR ENIIALNE, BITRE IR ARG B IR AR ERA LSS A ORISR B, B
MR 2 ARV ME BT, B T RIHELE. DLERE IR g9t AL i 2 A g SOpisst, #2
SRR 2 TR P AR

4.12. EBERRL, =K, REELTE

AN TR RE TR B R BRI GRS, PPt (bt il 52 3 Il R TIERE, XHARHERE. B
A G W A, Tetkin e KA AR SCR ) 8 S 2R, IR S B T R, S B
W 2N N H CRIBT TGS H AR T KRR AR BT

413 FERAESEBREATEEERAETIE

“HE B BANER 7 2R BN T BE AR ST i KB 2 AR IR R A5t L 80%f) 22 AR BE A AR N
TR REFTIRBLAIEEUE BAEAE “ R REAER” (fEIL. N T REE Bk P 25 S0 e i . B
RIS, BN TR REARE RSO RIS B 5 AR R R A RA 2, ISR
SERAE, FEORAL ARSI S TR L . N T8 REAE B B B FE DR A A S i . L3
FREZEREEG O, KA R R TSR, EA R S SRR BB A SO T 0TI, RS
eI LB SR8 SR AR B TCIEAT SRR OC . 873 N LR R AR B i T AT PR 40 47 5 S A #r
MERE, SRBUAATE, SEAERE)E B IS AIE IS BOCELHRIFH RIS O, (A8 LR
HURTAT PE BB E AT, HES S FAENE “BER” FHeaiEs, HIEARGE B

4.14. b5, BRAKE. BPEEFRFRITH

AR AR N TR RE R e B, AN T RE “HiBh AL 5 «“ B AR WA MM ARTE R, 15
— 4l A R A SRR s AT AR AN B, AT AN IR AR RN TR B AR A IR . — 2 —
22 Ak N TR Re AR BURIE AR N A T SO IR R AR AR ZE 1 | kAR, A B CrIAE, BT
WP, LA RN DA R T ) . R CSCRR . BORMAIEIR R T TAERC A N L B, —
MEAT, TERTEREEY, BTRE. =2 T HiRFFh s R0 N TR e BN A 1E 88—
Be S AR (S AR AN G A 1S B S AL, WA T s AR e B, PRE T AR AR AR .
— R A S AR AN I TR R, NN TR B AE R SCAR T U B, A R BN TR ge A i
SCA R FAR AN
4.2. AT

421 NHERNES. TFHEE. FBEANRE

REEAERIT A R SR AL 1 2 10 I BLIIR S 8. R 22 A 2 R AR ISk, AR SCE
RRIEEATEANEY, RZR . o, WIESEHIOGEET), XA ER AR Bl 2R, ARMERR ST 5 il i
SCIERR, RERIAAMGER TN TR R, BLAh, A B A TR S OE S SR, RS
5 GAE R SE AR — NIRRT AR IR BERT — 30, Ay BRSBTS 5 S AR, 1R
VEVR SRS B AR T B AR SO S SRR PR, SRR, KA AR N T se e
VG 5 2EARWAF ZRINRA R, AFITEN TR R AL 52X, A9 AT fekin i N & &
T H TR B A R AT BLE A AR N TR B A2 SR 0 AR RN TR R A2 10 9 2 R B
BRSEEER, oA TR 6.

4.22. Al ERATHR,. BERS, BARKSFERE
A RN TR e 1 T LA S P PP A A8 1 I R s A 8 P o R a8 38 e ) B R 22— 2k
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AN TR e TR PP B BENLEIATE . RIEATEW . SCIRAEIE. BERASED, F4AEA
BERAE A A SR 2. ARG TR e S B “Bal” “L05” S5, HNGEIREATE T d ot
WA 25 IR ERT U R IAE 2, JEH AR S . ARG TR e 2 I Hn e w2 Il “
IR 5 o ANARERT S AN AR e A2 A KR, o 22 A b R AR A L LA R D™ B o IR
A AT RERE A e, 2R N T BE T8 SO A i K RS

4.2.3. HIEHE. EITE. HEFRAR

e R A RN T REAE HEL S 8 O L R AR AN o 2 2 U OR B A U T R 1
SEB T RARE B S AR S ESENE, FEEAEASGIN TR SO BT R &
THFEMSIENE, TR T SRZHIR ST RS . I, S B AN TR e = 1 5 1
o —J7H, #2023 RN TR ReThRe . R ARSI T AR AN 25, X224 1 A N L3
RE1R SCUE AT A AME LU R =18 3, BEA R Sab A N LR RedliBhhee, A5 HBLER . S5
RS 53—, LA GE N T AN BE UL TTIHOR T Bedk X 70 MUAIWrR SO ATy i 2
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