College and Job BRLH(H K )%, 2026, 15(10), 181-190 Hans i
Published Online October 2026 in Hans. https://www.hanspub.org/journal/ve
https://doi.org/10.12677/ve.2026.1510426

ET ATERNFEZFIRTTESHEETM
REWEMAR

Harwml, XmmET, JEH, HER!, ERE?

YRR B BT HE, AR T
HER KW ST R R, AR JET

Weks H i 20264E8 H21H; FHHM: 2026/F10A5H; KA H: 20264F10H 12H

HE

R TUE LECBOARTIAA 3R R ECEESE, o0 HARR AR R BB R B2 AR R TTH
B2, 401, B RSB FETENRE SR —. FHREEASRESHE. ASCUSIRNF
o nEal, EARERRSISFEILIRE 2 E, R “ B - T - T8 - kKO- 40” BEF.
BEASGE— IR HBAREE. A B E R SEER R, AL B R A SRR AT 4%
MR R HIRGESE

X 5in
ANTHRE, 2ATE, BIREE, HHETM

Research on the Construction of

an Artificial Intelligence-Based
Dynamic Early Warning and Precise
Intervention Model for Student
Academic Performance

Guangtian Chen?, Ruiliang Wu?*, Jiamin Wu?, Shixiao Xiao?, Chengxi Hong?
!Academic Affairs Department, Chengyi College, Jimei University, Xiamen Fujian

ZMathematics & Digital Science School, Chengyi College, Jimei University, Xiamen Fujian

Received: August 21, 2026; accepted: October 5, 2026; published: October 12, 2026
"EHAEE .

NESIA: BOGH, R, REE HEE, SRR BT AR Sl U R PSR A AT 5
U1 BOLHEH KR, 2026, 15(10): 181-190. DOI: 10.12677/ve.2026.1510426


https://www.hanspub.org/journal/ve
https://doi.org/10.12677/ve.2026.1510426
https://doi.org/10.12677/ve.2026.1510426
https://www.hanspub.org/
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Abstract

Early warning systems in higher education have become essential to improving talent development,
with their focus shifting from administrative control to student development. However, current
practices often suffer from delayed warnings, uniform criteria, and insufficiently targeted support.
Using multi-source time-series data, this study integrates feature extraction and machine learning
to classify academic risk and establishes a closed loop of “monitoring—warning—intervention—
feedback—optimization.” It further proposes an implementation framework encompassing data
governance, pilot-based refinement, and institutionalization, offering a reference for independent
colleges to enhance the proactiveness, precision, and coordination of academic support.
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Figure 1. Schematic diagram of the principle and iterative process of the XGBoost algorithm
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Figure 2. Feature engineering and risk feature system diagram for multi-source time series data
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Figure 3. Example of dynamic changes in risk probability and early warning triggering for typical
students
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Figure 4. Explanation of predictive influencing factors for high-risk student individuals (example)
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